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Abstract
Background
Young adult patients with cancer have to deal with their disease in an eventful phase of life. A common side effect of cancer and its treatment is cancer-related fatigue (CRF), a phenomenon which can thwart successful coping with developmental tasks. The aims of this study were to assess the psychometric properties of the EORTC QLQ-FA12, a new instrument for assessing physical, emotional and cognitive fatigue, in young adults with cancer, and to propose a cut-off value that indicates a need for further more specific diagnostics.

Methods
In a sample of young adults who were first diagnosed with cancer between the ages of 18 and 39 years old, we assess the composite and item reliabilities as well as discriminant validity of the subscales for the EORTC QLQ-FA12. We also discuss two possible ways to calculate a summarizing score when conducting a receiver operating characteristic (ROC) analysis to find the cut-off value.

Results
The EORTC QLQ-FA12 fit the sample (CFI = 0.96, SRMR = 0.04), had discriminant validity regarding its subscales and every subscale showed convergent validity (composite reliabilities were 0.92 for physical, 0.89 for emotional and 0.74 for cognitive fatigue). The sum of the first ten items with a range of 0 to 30 revealed a cut-off value of twelve or more with 91% sensitivity and 77% specificity.

Conclusion
The new instrument EORTC QLQ-FA12 is able to distinguish between physical, emotional, and cognitive fatigue in young adult patients. It enables us to study different concepts of general fatigue without the need for additional items, and can be used as a screening instrument for young adults. Future research should investigate the multidimensional character of CRF.
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Background
The US National Cancer Institute defines adolescents and young adults (AYA) as a specific group of patients characterized by having been diagnosed with cancer between the ages of 15 and 39 [1]. The distinctive feature that AYA share is that they find themselves performing a balancing act: AYA are in a phase of life that is marked by change and accompanied by important and complex developmental tasks such as establishing financial and social independence, moving out of their parents’ home, and starting a career and a family [2]. At the same time AYA, have to deal with being ill with cancer as well as receiving treatments and follow-up care [3]. Even though the survival rates among AYA have stagnated for decades, the overall survival rate is about 80%. Combined with the increasing incidence rates of AYA cancer patients in Europe, Canada, and the USA [4], this is leading to a rising number of long-term survivors of young adulthood cancer.
Existing findings point out that cancer patients and survivors are greatly impacted by cancer-related fatigue (CRF) [5–7]. What’s more, it is a major problem for adolescents and young adults with cancer in particular [8]. CRF has been described in the scientific literature for more than 30 years as a significant side effect of cancer therapy with a psychological component [9, 10]. The National Comprehensive Cancer Network (NCCN) defined CRF as a multidimensional construct and, more precisely, as “a distressing, persistent, subjective sense of physical, emotional and/or cognitive tiredness or exhaustion related to cancer or cancer treatment that is not proportional to recent activity and interferes with usual functioning” [5]. With the image of an original and its reflection in mind, this definition describes forms of tiredness as originals of CRF and conforms to a multiple symptom concept. The multidimensionality regarding this concept refers to dimensions as expressions of separate symptoms [11]. The Fatigue Coalition, a multidisciplinary group of medical practitioners, researchers, and patient advocates [12], understands fatigue “as a multidimensional phenomenon, with physical, emotional, and cognitive manifestations” [13]. This suggests that the dimensions are indeed not expressions of several phenomena (e.g. physical, emotional, cognitive tiredness), but rather expressions of one and the same phenomenon, whereby the various forms of tiredness are different manifestations of the same underlying cause. Hence this definition describes forms of tiredness as reflections of CRF and can be understood as a multidimensional concept [11]. Accordingly they proposed a diagnostic interview guide for CRF [13] that is a set of diagnostic criteria for diagnosing CRF. This is described in more detail in the Additional file 1. The criteria are based on clinical experience, survey results, and discussions [12].
The question of whether the dimensions should be understood as separate phenomena (multiple-symptom concept) or as expressions of one and the same phenomenon (multidimensional concept) was recently discussed in a review, which, contrary to the consensus of experts, concluded that CRF should be considered a multiple-symptom concept [11].
CRF is not currently recognized as a mental disorder. It is not included in the Diagnostic and Statistical Manual of Mental Disorders, fifth edition (DSM-5) [14], and is not listed in the International Classification of Diseases, tenth revision (ICD-10) as an F-diagnosis (codes F00 to F99 describe mental and behavioral disorders). It is however listed in the clinical modification of the ICD-10 (ICD-10-CM) as code R53.0 (R00 to R99 describe symptoms that are not elsewhere classified) [15].
Cancer patients have reported experiencing CRF before, during, and after the acute therapy as well as multiple years after having completed treatment [16, 17]. CRF seems to impede daily life, social interactions, and physical activity [18–20]. Despite this, little research has been done to date on how CRF affects AYA. In a recent review done by Nowe et al. [21], only twelve studies on CRF in this age cohort were identified. Fatigue was found to be worse in AYA compared to both healthy controls and older cancer patients. Besides health status and age, gender seemed to also have an effect: women reported higher fatigue levels than men [21]. The vast majority of studies done since 1990 that have investigated CRF in AYA have not measured CRF with specific fatigue-questionnaires but rather with subscales of quality of life questionnaires or one-item scales [21]. Despite the consensus that a construct of CRF has to at least differentiate between a physical and a cognitive dimension [22], only two of the identified studies used the Multidimensional Fatigue Inventory (MFI) to detect the presence CRF [21]. The MFI-20 is probably the most commonly used CRF questionnaire in Europe, but the instrument appears to be less compatible with the diagnostic suggestions of the Fatigue Coalition. It consists of five subscales (four items each, response range 1 to 5): general fatigue, physical fatigue, mental fatigue, reduced motivation, and reduced activity. On the other hand, the European Organization for Research and Treatment of Cancer (EORTC) has developed the questionnaire module EORTC QLQ-FA12 [23], a new multidimensional instrument specifically for measuring CRF. The module that is described in more detail below assesses physical, emotional, and cognitive fatigue and as well as how they interfere with daily activities and social life. For both instruments (MFI-20 and QLQ-FA12), no total score is recommended, although the MFI-20 contains a subscale for measuring general fatigue. The items of this subscale cannot however be differentiated into physical, emotional, or cognitive dimensions. This would be possible using the subscales physical fatigue, reduced motivation, and mental fatigue. But the number of items of each subscale does not correspond to the number of physical, emotional, and cognitive diagnostic criteria that were proposed by Cella et al. [12]. Hence the QLQ-FA12 seems to be more suitable for investigating the three forms of tiredness separately, and for simultaneously screening for patients who could benefit from being given the clinical diagnostic interview that was proposed by the Fatigue Coalition.
With the objective of enabling an assessment of CRF in young adult cancer patients that can discriminate between physical, emotional, and cognitive fatigue based on the proposed diagnostic criteria, this study has three aims, of which the first two are necessary conditions for achieving the third (primary) aim:	1)to determine the psychometric properties of the EORTC QLQ-FA12 for young adult cancer patients,


 

	2)to assess and compare two ways of calculating an overall fatigue score for the EORTC QLQ-FA12, and


 

	3)to identify the cut-off point at which a patient should be considered for the proposed diagnostic interview.


 





Methods
Study participants
Participants were recruited for the prospective, longitudinal AYA-LE study [24] at 16 acute care hospitals, four rehabilitation clinics, and from two state tumor registries in Germany. In addition, other interested patients could register themselves via the internet or telephone. The baseline recruitment took place between May 2014 and December 2015. The study was approved by the Ethics Committee of the University of Leipzig (reference number 372–13-16,122,013).
Patients were included if: A) it was the first time they had been diagnosed with cancer; B) they were between 18 and 39 years old when they were diagnosed; and C) they had been diagnosed within the last four years. To avoid bias resulting from different treatment protocols, patients who were diagnosed before the age of 18 were not included, as younger patients in Germany are typically treated in pediatric oncology units. Patients that fulfilled these criteria were asked to fill out the questionnaire online or as hardcopy version twice. Our analysis is based on a sample n = 577 participants. Patients were excluded from the sample if they were not able to speak German, were physically or cognitively not able to participate, or did not provide written consent.

Study measures
The sociodemographic characteristics we measured include: age at time of baseline interview, age at diagnosis, time since diagnosis, educational degree, and sex. Medical characteristics include diagnosis (ICD-10) and completed or ongoing treatments (chemotherapy, radiotherapy, surgery). Because there is a known connection between chemo- and radiotherapy and CRF [25], we also present the number of patients who did not receive either of these therapies. All data concerning socio-demographic and medical characteristics are based on self-reported information.
The EORTC QLQ-FA12 (QLQ-FA12) is a new module of the Quality of Life Questionnaire Core 30 (QLQ-C30) developed by the EORTC group and intended to be used in conjunction with the QLQ-C30 [23]. The questionnaire core (QLQ-C30) and the module (QLQ-FA12) are translated into different languages and can be obtained for academic use free of charge at the EORTC Quality of life Group website [26]. The QLQ-FA12 consists of ten unidirectional items and two criteria variables, all of which range from 1 to 4 (higher values represent higher levels). The two criteria variables (fa11 and fa12) measure the extent to which fatigue interferes with daily activities (content of questions for role functioning) and social life (content of questions for social functioning). Hence, they measure the interference with two forms of usual functioning, like it is described in the definition of the NCCN. The ten items (fa1 to fa10) are assigned to three hypothetical subscales: physical (items fa1 to fa5), emotional (items fa6 to fa8), and cognitive fatigue (items fa9 and fa10). The scoring procedure follows that of the EORTC QLQ-C30, meaning that all scores are standardized to create a range of 0 to 100; no summary score has been suggested as of yet. Cronbach’s alpha of the three subscales ranges from 0.79 to 0.90 [23]. The former version (QLQ-FA13) of the questionnaire was published recently and contains the item wordings in the English language [27]. The item wordings in other languages can be obtained for free for academic use at the homepage of the EORTC group: http://​groups.​eortc.​be/​qol/​why-do-we-need-modules.
To determine a cut-off point (the third aim of this study), two things are needed: a binary reference standard that indicates whether the outcome is positive or negative, and a test (score) that predicts the target conditions. For the test, we used the first ten items of the FA12 that are assigned to the three subscales. To create the reference standard, we used a total of thirteen individual items from four different instruments (EORTC QLQ-C30, EORTC QLQ-FA13, HADS and SCNS SF-34). These instruments contained items suitable in content for indicating the target condition whereby it is recommendable for a patient to be given the diagnostic interview proposed by the Fatigue Coalition [13]. Table 1 presents the thirteen items that were selected from the four instruments. A more detailed description of the items and their assignment to the diagnostic criteria is given in the Additional file 1 in Table S1.Table 1Items assigned to the diagnostic criteria


	Instrument 
 (Description, References)
	
                              EORTC QLQ-C30 (containing 30 items)
                            
(Quality of Life Questionnaire Core of the EORTC group, [42, 43])

	  Measured trait
	health related quality of life and symptoms in cancer patients

	  Selected items (corresponding scale)
	c10, c12, c18 ([physical] fatigue);
c20, c25 (cognitive functioning);
c24 (emotional functioning);
c3 (physical functioning);
c11 (symptom item insomnia)

	Instrument
 (Description, References)
	
                              EORTC QLQ-FA13 (containing 13 items)
                            
(Phase III (former) fatigue module of the EORTC group, [27])

	  Measured trait
	cancer-related fatigue

	  Selected items (corresponding scale)
	fa13_11 (dropped in QLQ-FA12);
fa13_12 (criteria variable daily activities, labeled as item fa11 in QLQ-FA12)

	Instrument
 (Description, References)
	
                              HADS (containing 14 items)
                            
(Hospital Anxiety and Depression Scale, [44, 45])

	  Measured trait
	anxiety and depression in physically impeded patients

	  Selected items (corresponding scale)
	ha1, ha6 (subscale anxiety)

	Instrument
 (Description, References)
	SCNS SF-34 (containing 34 items) (Supportive Care Needs Survey Short-Form, [46–48])

	  Measured trait
	perceived supportive care needs

	  Selected items (corresponding scale)
	s2 (subscale physical and daily living need)





Statistical analyses
Statistical analyses were done with IBM SPSS Statistics 23, IBM SPSS AMOS 23, and Microsoft EXCEL 2010. Missing values were estimated on the item level using the Expectation Maximization (EM) algorithm [28] that is implemented in SPSS. Imputed values that exceeded the possible range were set to the nearest possible value.

Aims 1) and 2) psychometric evaluation and overall fatigue measure
The psychometric evaluation of the EORTC QLQ-FA12 for young adults with cancer comprises confirmatory factor analyses of the following models:
M1) the First-Order three-factorial FA12-Model, conceptualized by Weis et al. (p.6, figure 2),
M2) a Second-Order factor model (General Fatigue Score)
M3) a First-Order one-factorial model (General Fatigue Index)
Model M1 (EORTC QLQ-FA12) represents the measurement model as it is intended by the developers of the questionnaire. Hence the two criteria variables have to be present in this model. Even if they conceptually do not contribute to any of the fatigue scores, they measure the interference of the three forms of fatigue with two forms of usual functioning. For this model, we investigate the following psychometric properties (aim 1): model fit, composite reliability (CR), item reliabilities (squared multiple correlations, SMC), and discriminant validity using the Fornell-Larcker-Criterion [29], which is based on a comparison of average variance extracted (AVE) and the squared correlations between the domains. CR measures the amount of variance of the items that is bound by their common factor. If CR shows a value greater than 0.6, it is considered adequate [30]. A conservative lower bound for CR is Cronbach’s Alpha, which is also presented. SMC measures the amount of the item’s variance that is explained by the respective latent factor. No rule of thumb for adequate item reliability can be suggested, but the SMC should be smaller than the CR [30]. Furthermore, the items should share on average more than 50% of their variance with their composite. As such a value of AVE greater than 0.5 is passable [29, 30]. Two domains (say D1 and D2) have discriminant validity if they are statistically distinguishable. This is formally satisfied if the AVE of every domain is higher than their squared correlation r2. That means if both of the following equations work out [29]:[image: $$ AV{E}_{D1}>{r}_{\left(D1,D2\right)}^2\kern0.5em and\kern0.5em AV{E}_{D2}>{r}_{\left(D1,D2\right)}^2 $$]



The formulas to compute the scores for each domain are presented in the Additional file 1 in section “Model M1”.
Models M2 (separated domains) and M3 (not separated domains) serve to discuss two different conceptualizations of an overall fatigue measure that is based on the ten single items of the FA12 (aim 2). The two criteria variables 11 and 12 are excluded from both models, because they do not measure fatigue, but rather the extent to which it interferes with daily life.
Model M2 (General Fatigue Score) takes into account the fact that the items belong to different domains and assumes general fatigue to be a quantity that is constituted by the three components (physical, emotional and cognitive fatigue) equally. This multidimensional model reflects a three dimensional concept of general fatigue. Because the components contribute equally they can compensate for each other and it is of no concern which type of fatigue causes the burden. Patients who are complaining about all of the symptoms of only one dimension end up having the same score, regardless of which dimension is in question. A numerical example is presented in the Additional file 1. Acceptable fit of this model would give statistical justification for using a score that is composed of the three domains as a measure for general fatigue. The formula to compute the overall score is presented in the Additional file 1 in section “Model M2”.
Model M3 (General Fatigue Index) leaves out the information that the items belong to different domains, implying that all items measure the same quantity. This one-dimensional model assumes general fatigue as it is constituted by the ten items, regardless of which component the item belongs to. Patients who are complaining about all of the symptoms in only one dimension end up with different scores, depending on the dimension, because the dimensions have different numbers of symptoms. A numerical example is presented in the Additional file 1. M3 models the score we work with, when we are simply summing the ten items, or giving every domain a different weight corresponding to its number of items. A different number of items -even if only in one domain- would change the concept. One could say that the number of items from each component weights the components contribution to a one dimensional concept of general fatigue. That means that physical fatigue is a more burdensome form of fatigue than emotional fatigue, and emotional fatigue is more important than cognitive fatigue, because the former has fewer items than the latter. That is also an implication of the concept underlying the diagnostic criteria of the Fatigue Coalition. Acceptable fit of this model would give statistical support for using a score that is composed of the ten items as a measure for general fatigue. This formula is presented in the Additional file 1 in section “Model M3”.
To judge model fit, we used a combinational rule of the CFI (comparative fit index) and the SRMR (standardized root mean square residual) [31]. Models are rejected if both CFI and SRMR indicate poor fit (CFI < 0.95 and SRMR> 0.06). For comparability of our results, we also present the TLI (Tucker-Lewis-Index), the RMSEA (Root Mean Square Error of Approximation) including its 90% confidence interval, and the AIC (Akaike’s Information Criterion).

Aim 3) ROC analysis
The ROC analysis was done on a subsample of n = 548 patients who did not report a comorbid depression, because the symptoms should not primarily be the consequence of comorbid psychic disorders (sixth condition of diagnosis). The information collected on comorbid depression came from the answers to the open question “At the present, do you additionally suffer from a serious physical or psychological disease and if yes, from what?”
Because there is no gold standard but only a proposal of diagnostic criteria by members of the Fatigue Coalition [12, 13], one could use a statistical approach to differentiate between respondents with and without fatigue and identify a cutoff, e.g. at the 75th percentile [32, 33]. We decided however to use a more theory-based statistical approach to avoid some of the arbitrariness that comes with a non-theoretical approach. To do this, we assign thirteen individual items that correspond best to the CRF diagnosis criteria proposed by the Fatigue Coalition. The criteria are summarized in the Additional file 1, as well as the construction of the binary reference standard and the justification for interpretation of the ROC analysis results.
The test that predicts the conditions of the standard could be calculated in line with either the M2 or M3 model. We have to use the M3 model despite the acceptability of its model fit, because it is closer to the composition of the diagnosis criteria and because the reliability for predicting the reference standard is of more concern than the reliability for measuring one common quality. All criteria symptoms are added up to one value, regardless of whether the symptom is of a physical, emotional, or cognitive nature. To make the test easy to employ, we refrain from the usual standardization of the range from 0 to 100 and used the sum of the ten items as if each were coded from 0 to 3. For items ranging from 1 to 4 the formula is:[image: $$ test= sum\left( fa1,\dots, fa10\right)-10 $$]



To characterize the ROC Analysis, we present the area under curve (AUC) that corresponds to the detectability of the signal or, in other words, to the probability that the test can correctly identify the conditions of the standard [34]. More importantly, we also present cut-off values along with the following coefficients:	Sensitivity (SEN, ratio of true positive predictions to all positive conditions)

	Specificity (SPE, ratio of true negative predictions to all negative conditions)

	Youden Index (J, diagnostic ability, difference between true positive rate (SEN) and false positive rate (1-SPE) [35, 36])

	Positive predicted value (PPV or precision, ratio of true positive predictions to all positive predictions)

	Negative predicted value (NPV, ratio of true negative predictions to all negative predictions)

	Accuracy (ACC, ratio of correct predictions to all predictions of the conditions of the standard variable).






Results
All of the n = 577 young adults with cancer we surveyed completed the questionnaire. We estimated the missing values for 91 items (from the instruments mentioned above in section Study measures). They ranged from 0 (0%) to 16 (2.8%) per item and from 0 (0%) to 34 (37.4%) per patient. Less than 170 (0.3%) missing values were imputed (170 missing values within 52,507 values, while using values for imputation from 91 items multiplied by 577 cases).
A group of n = 29 patients who reported a comorbid depression were excluded from the ROC analysis. The excluded patients were mostly women (93% vs. 72% in the analyzed sample) who had been diagnosed with Hodgkin lymphoma (31% vs. 16%) or gastrointestinal cancer (17% vs. 4%) within the previous two months (7% vs. 1%). The comparisons of these percentages were significantly different with type-I-error probability p below 0.05.
Characteristics of the sample
Table 2 presents the sample characteristics for the whole sample (n = 577). The average age at diagnosis was 29 (range from 18 to < 40 years). The average time since diagnosis was nearly one year (11.9 months, range, 1 month to 3.7 years). Mean age at baseline was 30 (range: 18 to 42). Women did make up 73% of the sample, and about two thirds (68%) of the patients were at least 26 years old.Table 2Sociodemographic and medical characteristics of the sample (n = 577)


	Sociodemographic characteristics
	N (%)

	Sex
	577 (100.0)

	 Male
	153 (26.5)

	 Female
	424 (73.5)

	Age at Interview (M = 30.3, SD = 6.1)
	577 (100.0)

	 18 to < 26 years
	164 (28.4)

	 26 to < 42 years
	413 (71.6)

	Education
	573 (100.0)

	 No educational degree/student
	6 (1.0)

	 Basic educational degree (< 10 years)
	37 (6.5)

	 Secondary educational degree (10 years)
	190 (33.2)

	 Highschool degree (> 10 years)
	340 (59.3)

	Medical characteristics
	N (%)

	Age at Diagnosis (M = 29.3, SD = 6.1)
	577 (100.0)

	 18 to < 26 years
	184 (31.9)

	 26 to < 40 years
	393 (68.1)

	Time since Diagnosis (M = 11.9, SD = 8.0)
	577 (100.0)

	 up to 2 months
	8 (1.4)

	 > 2 to 4 months
	38 (6.6)

	 > 4 to 6 months
	69 (12.0)

	 > 6 to 12 months
	269 (46.6)

	 > 12 to 24 months
	145 (25.1)

	 more than 24 months
	48 (8.3)

	Diagnosis
	577 (100.0)

	 Breast Cancer [C50]
	150 (26.0)

	 Hodgkin Lymphoma [C81]
	99 (17.2)

	 Gynecological Cancer [C51-C57]
	51 (8.8)

	 Testicular Cancer [C62]
	50 (8.7)

	 Non-Hodgkin Lymphoma [C82-C90]
	42 (7.3)

	 Haematological Cancer [C91-C95]
	38 (6.6)

	 Thyroid Cancer [C73]
	32 (5.5)

	 Gastrointestinal Cancer [C15-C26]
	29 (5.0)

	 Sarcoma [C40-C41, C46-C49]
	26 (4.5)

	 Melanoma [C43]
	19 (3.3)

	 Other C, D00-D48 and Carcinoma in situ
	41 (7.1)

	Therapiesa, b
	577 (100.0)

	 Chemotherapyc
	443 (76.8)

	 Radiotherapyd
	264 (45.8)

	 Surgery
	427 (74.0)

	 Neither chemo- nor radiotherapy
	85 (14.7)


amultiple answers possible; b Due to further validation of data there are deviations to the baseline medical therapies published in the study protocol [49].; c including Radio-Chemotherapy; d including nuclear therapies and Radio-Chemotherapy




Aim 1) psychometric properties
Figure 1 presents the psychometric properties of the fatigue questionnaire EORTC QLQ-FA12 (model M1). The model fitted the sample (CFI = 0.96 and SRMR = 0.04, Table 3). Item reliabilities (SMC) ranged from 0.60 to 0.80 for the physical fatigue scale, from 0.65 to 0.80 for the emotional fatigue scale, and from 0.45 to 0.73 for the cognitive fatigue scale. The correlations between the three scales ranged from 0.63 to 0.70.[image: A12955_2018_949_Fig1_HTML.png]
Fig. 1Model 1 (EORTC QLQ-FA12 Model). Linear arrows show standardized regression weights. Curved arrows show correlations. Values above or under (variable fa12) the rectangles show squared multiple correlations (SMC, item reliabilities for fa1 to fa10, explained variance for variables fa11 and fa12). Variables fa11 and fa12 correspond to items fa12 and fa13 of the former version EORTC QLQ-FA13 in this order



Table 3Model Fit (n = 577)


	Model-Fit
	Chi2(df)
	p
	Chi2/df
	CFI
	TLI
	SRMR
	RMSEA (90%-CI)
	AIC

	M1.
	EORTC-FA12 Model
	266.2 (47)
	< 0.001
	5.7
	
                              0.955
                            
	0.973
	
                              0.042
                            
	0.09 (0.08–0.10)
	352.2

	M2.
	General Fatigue Score
	180.2 (32)
	< 0.001
	5.6
	
                              0.963
                            
	0.948
	
                              0.045
                            
	0.09 (0.08–0.10)
	246.3

	M3.
	General Fatigue Index
	837.9 (35)
	< 0.001
	23.9
	0.800
	0.743
	0.091
	0.20 (0.19–0.21)
	897.9


CFI (comparative fit index), TLI (Tucker-Lewis-Index), SRMR (standardized root mean square residual), RMSEA (Root Mean Square Error of Approximation), AIC (Akaike’s Information Criterion). Bold values indicate acceptable fit (CFI ≥ 0.95 or SRMR≤0.06)



The interference of the three subscales with daily activities (fa11) and with social life (fa12) differed. Physical fatigue was the major predictor for fa11 (standardized regression weight w = 0.780, p < 0.001), besides cognitive (w = 0.156, p = 0.002) and emotional fatigue (w = − 0.102, p = 0.043). For fa12 we found that that physical (w = 0.270, p < 0.001) and emotional fatigue (w = 0.272, p < 0.001) interfered with social life significantly, but the effect of cognitive fatigue (w = 0.101, p = 0.126) did not.
The composite reliabilities were 0.92 for physical fatigue, 0.89 for emotional, and 0.74 for cognitive fatigue (Table 4, column CR). CR was greater than 0.6 and greater than their corresponding SMCs for every scale. On average the three composites extracted 70% (physical fatigue), 73% (emotional fatigue), and 59% (cognitive fatigue) of the variance within their corresponding items (Table 4, bold values on the diagonal).Table 4Discriminant and convergent validity for model M1 (n = 577)


	Domain
	Physical
	Emotional
	Cognitive
	CR
	Cronbach’s Alphaa

	Physical fatigue
	
                              0.698
                            
	
                              0.487
                            
	
                              0.407
                            
	0.920
	0.918

	Emotional fatigue
	0.697
	
                              0.734
                            
	
                              0.487
                            
	0.892
	0.891

	Cognitive fatigue
	0.638
	0.698
	
                              0.593
                            
	0.742
	0.732


Above the diagonal (underlined values): squared correlations (r2). On the diagonal (bold values): average variance extracted (AVE). Below the diagonal: correlations (r). Discriminant validity is indicated if AVED1 > r2(D1,D2) and AVED2 > r2(D1,D2) and convergent validity if composite reliability CR > 0.6.; a based on standardized items



All composites were statistically distinguishable and had discriminant validity, because in every case the shared variance between two domains was smaller than the AVE of the two domains (e.g. physical and emotional fatigue: r2(physical, emotional) = 0.49 was smaller than AVE(physical) = 0.70 and smaller than AVE(emotional) = 0.73 (Table 4, AVE: bold values on the diagonal, r2: underlined values above the diagonal).

Aim 2) overall fatigue measure
The fit of both models is shown in Table 3. The second-order factor model M2 presents the three domains as composing first-order composites for general fatigue. Model fit was acceptable (CFI = 0.96 and SRMR = 0.05). The CR for general fatigue was 0.87 and the AVE was 0.68; SMCs are 0.63 (physical domain), 0.77 (emotional domain), and 0.65 (cognitive domain). For the domains, the values of CR/AVE were 0.92/0.70 (physical), 0.89/0.73 (emotional), and 0.74/0.59 (cognitive). The first-order factor model M3 presents the items as composing general fatigue, without differentiating between the components that the items correspond to. The CR for general fatigue was 0.92 and the AVE was 0.54; SMCs ranged from 0.22 (item fa10) to 0.73 (item fa1). While these coefficients showed acceptable characteristics, the fit for this model was not acceptable (CFI = 0.80 and SRMR = 0.09).

Aim 3) ROC analysis
Table 5 presents the results of the ROC analysis. Two cut-off values (≥11 and ≥ 12) had sufficient sensitivity and specificity (SEN ≥ 90 and SPE ≥ 70) and the cut-off value of ≥12 had the higher sum of SEN and SPE. It showed the following characteristics:Table 5ROC analysis (n = 548)


	Cutoff (case ≥ ...)
	Value (95% CI)

	SEN
	SPE
	Youden J
	PPV
	NPV
	ACC

	8
	98 (96–100)
	53 (48–57)
	0.51 (0.48–0.53)
	37 (31–42)
	99 (98–100)
	63 (59–67)

	9
	97 (93–100)
	60 (55–65)
	0.57 (0.53–0.59)
	40 (34–46)
	98 (97–100)
	68 (64–72)

	10
	94 (90–98)
	66 (61–70)
	0.60 (0.56–0.62)
	43 (37–49)
	98 (96–99)
	72 (68–75)

	11
	92 (88–97)
	71 (67–75)
	0.64 (0.60–0.66)
	47 (41–53)
	97 (95–99)
	76 (72–79)

	12
	
                              91 (86–96)
                            
	
                              77 (73–81)
                            
	
                              0.68 (0.64–0.70)
                            
	
                              52 (45–59)
                            
	
                              97 (95–99)
                            
	
                              80 (77–83)
                            

	13
	89 (83–95)
	81 (77–84)
	0.70 (0.66–0.73)
	56 (49–63)
	96 (94–98)
	82 (79–86)

	14
	83 (76–90)
	83 (79–86)
	0.66 (0.62–0.69)
	57 (50–65)
	95 (92–97)
	83 (80–86)

	15
	81 (74–88)
	86 (83–90)
	0.67 (0.63–0.71)
	62 (55–70)
	94 (92–96)
	85 (82–88)

	16
	72 (64–80)
	89 (86–92)
	0.62 (0.57–0.65)
	65 (57–73)
	92 (89–95)
	86 (83–89)

	17
	62 (53–71)
	92 (89–94)
	0.54 (0.49–0.58)
	67 (59–76)
	90 (87–93)
	85 (82–88)

	18
	52 (43–61)
	94 (92–96)
	0.46 (0.41–0.51)
	70 (61–80)
	88 (85–91)
	85 (82–88)


Cut-off values for the general fatigue index (0–30). SEN (sensitivity) SPE (specificity), PPV (positive predicted value), NPV (negative predicted value), ACC (accuracy). Values with SEN or SPE below 50% are not presented



Of all of the patients with the positive condition, 9 out of 100 were missed (SEN = 91, 95%-CI: 86–96). Of all of the patients with the negative condition, 23 out of 100 were referred for further diagnostics nonetheless (SPE = 77, 95%-CI: 73–81). The difference between the true positive rate minus the false positive rate was 68 percentage points (Youden J≥12 = 0.68, 95%-CI: 0.64–0.70). Out of 100 positive predictions, nearly 50 were correct (PPV = 52, 95%-CI: 45–59) and out of 100 negative predictions, only 3 were incorrect (NPV = 97, 95%-CI: 95–99). Altogether, 4 of 5 predictions were correct (ACC = 80, 95%-CI: 77–83). According to classification guidelines proposed by Zhu et al. [37], the detectability of general fatigue by this test was excellent: AUC = 0.91 (95%-CI, 0.88–0.94).


Discussion
Aim 1) psychometric evaluation
The EORTC-FA12 fatigue module shows sufficient psychometric properties. This suggests convergent validity and discriminant validity in this specific age-cohort of cancer patients. In other words: this statistically justifies using this instrument among young adults with cancer.
Regarding the criteria variables we could replicate the results from the original study of Weis et al. [23] for physical fatigue. Emotional fatigue showed similar interference with social life, but its interference with daily activities pointed into the opposite direction. For cognitive fatigue we found an effect on daily activities, while the original study did not and we found no significant effect on social life, while the original study did find an effect. It is reasonable to assume that these differences are due to our special sample of patients. AYA have a different social life and different daily activities than older patients. This is what makes this group of patients special and it can explain these differences.

Aim 2) two concepts of an overall fatigue measure
We pointed out above that there are two fundamental dissimilar definitions of CRF (NCCN: tiredness as original vs. Fatigue Coalition: tiredness as reflection). Then we found that the dissimilarity shows itself in the disagreement about what CRF is, e.g.: Is it a mental disorder (DSM-5) or merely a symptom (ICD-10)? Should it be conceptualized as a multiple symptom concept or as a multidimensional concept? Should it be modeled as a second-order factor model (M2) or as a first-order one-factorial model (M3)? While we investigated the last question, our results indicate that model M2 is the statistically sound conceptualization of general fatigue and model M3 is not. Therefore physical, emotional, and cognitive fatigue might be separate phenomena, a conclusion that is in line with other studies’ findings [11]. Although this does not yet suffice for justifying the multiple symptom concept, it does reveal a conceptual discrepancy that impedes progress in CRF research. To decide how CRF should be understood, the consensus of experts might not be sufficient. Moreover, it seems imperative to elucidate the pathogeneses of the separate phenomena [11]: e.g. Have they different pathogeneses or not? Are there factors that affect one form of fatigue but not the other? Do the forms of fatigue behave differently? Could it be possible that one form of fatigue can lead to another and, if so, could they develop a cycle that can exist independently from the presence of the first trigger? Despite the answers to these questions, the next step towards progress in CRF research requires that clear distinctions be made between physical, emotional, and cognitive fatigue.

Aim 3) proposed cut-off value
We conducted a ROC analysis with a reference standard that is based on the proposed ICD-10 criteria for diagnosing CRF. Even though this standard is just an approximation of the diagnostic criteria, it represents a useful tool for limiting the candidates for diagnostic interviews in a way that is backed up by theoretical considerations. We also know about its limitations: Regarding the true positive condition we do not know if a single patient:	experiences several hours of persistent post-exertional malaise (symptom A11, no item(s) assigned),

	has all the named symptoms within the same two weeks of the past month (different timeframes of the items),

	can attribute them to feeling fatigued,

	suffers from clinically significant distress or impairments in important areas of functioning

	has a history with evidence that the symptoms are a consequence of cancer or its therapy (even though all of the participants in our sample were diagnosed with and treated for cancer)

	or has additional psychiatric comorbidities besides depression (participants, who reported a depression as comorbidity, were excluded in this analysis).




On the other hand, if a patient does not to have fatigue according to these criteria, we can be more confident that this is accurate, because with a sum of three or less, a patient cannot meet five or more of the ten symptoms and is therefore unlikely to receive a positive diagnosis. Patients with a sum of three could meet four symptoms if they additionally met symptom A11, which has no corresponding item(s) in our approximation. But even if they did fulfill A11 as well as the conditions named above, a patient could not receive a positive diagnosis. Consequently, this standard identifies nominees for the proposed diagnostic interview; but does not represent a diagnosis in and of itself.

Clinical implications
Balancing between two fundamentally different conceptualization of CRF, our findings indicate a multiple-symptom concept of CRF. We recommend observing physical, emotional, and cognitive fatigue separately. An overall score can be an addition and should be calculated in line with model M2 using these three dimensions.
Taking into consideration that we chose a diagnostic criteria proposal, the cut-off value shows reliable characteristics but is not in line with the recommended overall score. Furthermore, the cutoff cannot replace a clinically justified diagnosis of CRF. It can merely pre-select patients who should undergo the proposed clinical diagnostic interview.
To date, we are not able to propose cut-off values for physical, emotional, or cognitive fatigue separately because no clinical diagnostic criteria exist yet to even approximate a standard for diagnosing these forms of fatigue.

Limitations
We estimated missing values with the EM algorithm, which does not consider an additional share of error for the missing values. Therefore standard errors are smaller; confidence intervals narrower, and respectively the p values (type-I-error probabilities) are smaller. The bias on account of this procedure is expected to be small, and most techniques for handling missing data are expected to yield similar results because proportions of missing values were below 5 % [38, 39]. Additionally, we conducted the ROC analysis using an approximation of the diagnostic criteria based on self-reported items that are close to the criteria. Hence the results are biased in three different ways. There is bias due to approximation (1) that we tried to minimize as best as possible (see Additional file 1: Table S1). Then there is bias due to self-report (2). Because CRF is a symptom that is perceived by the patient [5], it seems to be the most precise possible to rely on the self-report of the patient. Accordingly it seems that a clinical judgment could be a source of bias too, still there is no theoretical and statistical sound definition of CRF that could avoid bias in clinical judgement. In addition there is bias that is connected to halo effects (3). It originates from items that are located near to the items of the test, when they are read before self-reporting the actual answer. However, this type of bias is contained in our study too, because our main focus was not to avoid it but to use the questionnaire as it is recommended by the EORTC. Furthermore, women comprise the majority of our sample. Although this is to be expected (German national prevalence estimates show 61% of cancer patients aged 0 to 44 are women [40]), with 74% of the sample being female the generalizability of our results regarding sex is somewhat biased. For instance, they might be biased regarding effects that are related to depression, because depression is more common among female patients [41].


Conclusions
The new EORTC Quality of Life Module for measuring cancer-related fatigue (EORTC QLQ-FA12) is a very promising instrument for intensifying the research on CRF in young adult patients. This instrument	is statistically valid and can discriminate between physical, emotional, and cognitive fatigue;

	provides an overall measure of CRF that is in line with the definition of the NCCN;

	and can be used as a screening instrument to identify patients who could benefit from the clinical diagnostic interview proposed by the Fatigue Coalition.





Acknowledgements
We thank all patients who participated in this study. Also we would like to acknowledge the specifically critical comments and review by Tim Hartung, which led to essential changes in the structure of this paper. Additionally we acknowledge support from the German Research Foundation (DFG) and the University of Leipzig within the program of Open Access Publishing.
Funding
This study was supported by the German Cancer Aid (grant number: 110948).

Availability of data and materials
The dataset which the study is based on is publicly not available due to required data protection but is available upon reasonable request with a signature of a data privacy form. To request the data, the reader may contact Dr. Kristina Geue (Kristina.Geue@medizin.uni-leipzig.de).


Authors’ contributions
Writing – Original Draft: MF; Writing – Review & Editing: MF, EN, DH, SK, KL, AS, YSR, KG; Conceptualization of the study: MF, KL, AS, YSR, KG; Conceptualization of the paper: MF, KG; Data curation: MF, EN; Methodology: MF; Formal Analysis: MF; Project Administration and supervision: YSR, KG; Funding acquisition: AS, KG, YSR. All authors read and approved the final manuscript.

Ethics approval and consent to participate
The study received research ethics committee approval (file number: 372–13-16,122,013) from ethic board of the medical faculty of the University of Leipzig. Informed consent was obtained from all participants included in the study.

Competing interests
The authors declare that they have no competing interests.

Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in published maps and institutional affiliations.


[image: Creative Commons]Open AccessThis article is distributed under the terms of the Creative Commons Attribution 4.0 International License (http://​creativecommons.​org/​licenses/​by/​4.​0/​), which permits unrestricted use, distribution, and reproduction in any medium, provided you give appropriate credit to the original author(s) and the source, provide a link to the Creative Commons license, and indicate if changes were made. The Creative Commons Public Domain Dedication waiver (http://​creativecommons.​org/​publicdomain/​zero/​1.​0/​) applies to the data made available in this article, unless otherwise stated.

References
1.
Adolescent and Young Adult Oncology Progress Review Group. Closing the Gap: Research and Care Imperatives for Adolescents and Young Adults with Cancer. Bethesda: USA National Cancer Institut; 2006.

2.
Geue K, Sender A, Schmidt R, Richter D, Hinz A, Schulte T, et al. Gender-specific quality of life after cancer in young adulthood: a comparison with the general population. Qual Life Res. 2014;23:1377–86. https://​doi.​org/​10.​1007/​s11136-013-0559-6.CrossrefPubMed

3.
Cooke L, Chung C, Grant M. Psychosocial Care for Adolescent and Young Adult Hematopoietic Cell Transplant Patients. J Psychosoc Oncol. 2011;29:394–414. https://​doi.​org/​10.​1080/​07347332.​2011.​582636.PubMedPubMedCentral

4.
Mitgaard J, Quist M. Proof of life: a theoretical and empirical outline of a community and exercise-based rehabilitation initiative developed by and for young adult Cancer survivors. Austral-Asian J Cancer. 2008;7:29–37.

5.
Berger AM, Mooney K, Alvarez-Perez A, Breitbart WS, Carpenter KM, Cella D, et al. Cancer-related fatigue, version 2.2015. J Natl Compr Cancer Netw. 2015;13:1012–39. https://​doi.​org/​10.​6004/​jnccn.​2015.​0122.Crossref

6.
Barsevick AM, Irwin MR, Hinds P, Miller A, Berger A, Jacobsen P, et al. Recommendations for high-priority research on cancer-related fatigue in children and adults. J Natl Cancer Inst. 2013;105:1432–40. https://​doi.​org/​10.​1093/​jnci/​djt242.CrossrefPubMedPubMedCentral

7.
Seyidova-Khoshknabi D, Davis MP, Walsh D. Review article: a systematic review of cancer-related fatigue measurement questionnaires. Am J Hosp Palliat Care. 2011;28:119–29. https://​doi.​org/​10.​1177/​1049909110381590​.CrossrefPubMed

8.
Spathis A, Booth S, Grove S, Hatcher H, Kuhn I, Barclay S. Teenage and young adult Cancer-related fatigue is prevalent, distressing, and neglected: it is time to intervene. A systematic literature review and narrative synthesis. J Adolesc Young Adult Oncol. 2015;4:3–17. https://​doi.​org/​10.​1089/​jayao.​2014.​0023.CrossrefPubMedPubMedCentral

9.
Kobashi-Schoot JAM, Hanewald GJ, van Dam FS, Bruning PF. Assessment of malaise in cancer patients treated with radiotherapy. Cancer Nurs. 1985;8:306–13. https://​doi.​org/​10.​1097/​00002820-198512000-00003.

10.
Richardson A. Fatigue in cancer patients: a review of the literature. Eur J Cancer Care. 1995;4:20–32. https://​doi.​org/​10.​1111/​j.​1365-2354.​1995.​tb00049.​x.Crossref

11.
de Raaf PJ, de Klerk C, van der Rijt CCD. Elucidating the behavior of physical fatigue and mental fatigue in cancer patients: a review of the literature. Psychooncology. 2013;22:1919–29. https://​doi.​org/​10.​1002/​pon.​3225.CrossrefPubMed

12.
Cella D, Davis K, Breitbart W, Curt G. Fatigue Coalition. Cancer-related fatigue: prevalence of proposed diagnostic criteria in a United States sample of cancer survivors. J Clin Oncol. 2001;19:3385–91.CrossrefPubMed

13.
Cella D, Peterman A, Passik S, Jacobsen P, Breitbart W. Progress toward guidelines for the management of fatigue. Oncology (Williston Park). 1998;12:369–77.

14.
American Psychiatric Association (APA). Diagnostic and statistical manual of mental disorders: DSM-5. 5th ed. Washington: American Psychiatric Publishing; 2014.

15.
World Health Organization (WHO). ICD-10-CM Tabular List of Diseases and Injuries. 2017. https://​www.​cdc.​gov/​nchs/​icd/​icd10cm.​htm. Accessed 22 Jun 2017.

16.
Bower JE, Ganz PA, Desmond KA, Rowland JH, Meyerowitz BE, Belin TR. Fatigue in breast cancer survivors: occurrence, correlates, and impact on quality of life. J Clin Oncol. 2000;18:743–53. https://​doi.​org/​10.​1200/​JCO.​2000.​18.​4.​743.CrossrefPubMed

17.
Krishnasamy M. Fatigue in advanced cancer — meaning before measurement? Int J Nurs Stud. 2000;37:401–14. https://​doi.​org/​10.​1016/​S0020-7489(00)00019-5.CrossrefPubMed

18.
Minton O, Berger A, Barsevick A, Cramp F, Goedendorp M, Mitchell SA, Stone PC. Cancer-related fatigue and its impact on functioning. Cancer. 2013;119(Suppl 11):2124–30. https://​doi.​org/​10.​1002/​cncr.​28058.CrossrefPubMed

19.
Charlier C, van Hoof E, Pauwels E, Lechner L, Spittaels H, de Bourdeaudhuij I. The contribution of general and cancer-related variables in explaining physical activity in a breast cancer population 3 weeks to 6 months post-treatment. Psychooncology. 2013;22:203–11. https://​doi.​org/​10.​1002/​pon.​2079.CrossrefPubMed

20.
Corey AL, Haase JE, Azzouz F, Monahan PO. Social support and symptom distress in adolescents/young adults with Cancer. J Pediatr Oncol Nurs. 2008;25:275–84. https://​doi.​org/​10.​1177/​1043454208321117​.CrossrefPubMed

21.
Nowe E, Stöbel-Richter Y, Sender A, Leuteritz K, Friedrich M, Geue K. Cancer-related fatigue in adolescents and young adults: a systematic review of the literature. Crit Rev Oncol Hematol. 2017; https://​doi.​org/​10.​1016/​j.​critrevonc.​2017.​08.​004.

22.
Radbruch L, Strasser F, Elsner F, Gonçalves JF, Løge J, Kaasa S, et al. Fatigue in palliative care patients -- an EAPC approach. Palliat Med. 2008;22:13–32. https://​doi.​org/​10.​1177/​0269216307085183​.CrossrefPubMed

23.
Weis J, Tomaszewski KA, Hammerlid E, Arraras JI, Conroy T, Lanceley A, et al. International psychometric validation of an EORTC quality of life module measuring Cancer related fatigue (EORTC QLQ-FA12). J Natl Cancer Inst. 2017;109:1–8. https://​doi.​org/​10.​1093/​jnci/​djw273.Crossref

24.
Leuteritz K, Friedrich M, Nowe E, Sender A, Stobel-Richter Y, Geue K. Life situation and psychosocial care of adolescent and young adult (AYA) cancer patients - study protocol of a 12-month prospective longitudinal study. BMC Cancer. 2017;17:2–9. https://​doi.​org/​10.​1186/​s12885-017-3077-z.Crossref

25.
Wang XS. Pathophysiology of cancer-related fatigue. Clin J Oncol Nurs. 2008;12:11–20. https://​doi.​org/​10.​1188/​08.​CJON.​S2.​11-20.CrossrefPubMedPubMedCentral

26.
EORTC Quality of life group. EORTC QLQ-C30 Questionnaires. http://​groups.​eortc.​be/​qol/​eortc-qlq-c30. Accessed 28 Nov 2017.

27.
Weis J, Arraras JI, Conroy T, Efficace F, Fleissner C, Görög A, et al. Development of an EORTC quality of life phase III module measuring cancer-related fatigue (EORTC QLQ-FA13). Psychooncology. 2013;22:1002–7. https://​doi.​org/​10.​1002/​pon.​3092.CrossrefPubMed

28.
Dempster AP, Laird NM, Rubin DB. Maximum likelihood from incomplete data via the EM algorithm. J R Stat Soc Series B Stat Methodol. 1977;39:1–38.

29.
Fornell C, Larcker DF. Evaluating structural equation models with unobservable variables and measurement error. J Mark Res. 1981;18:39–50. https://​doi.​org/​10.​2307/​3151312.Crossref

30.
Bagozzi RP, Yi Y. On the evaluation of structural equation models. J Acad Mark Sci. 1988;16:74–94. https://​doi.​org/​10.​1007/​BF02723327.Crossref

31.
Hu L-t, Bentler PM. Cutoff criteria for fit indexes in covariance structure analysis: conventional criteria versus new alternatives. Struct Equ Modeling. 1999;6:1–55. https://​doi.​org/​10.​1080/​1070551990954011​8.Crossref

32.
Schwarz R, Krauss O, Hinz A. Fatigue in the general population. Oncol Res Treat. 2003;26:140–4. https://​doi.​org/​10.​1159/​000069834.Crossref

33.
Singer S, Kuhnt S, Zwerenz R, Eckert K, Hofmeister D, Dietz A, et al. Age- and sex-standardised prevalence rates of fatigue in a large hospital-based sample of cancer patients. Br J Cancer. 2011;105:445–51. https://​doi.​org/​10.​1038/​bjc.​2011.​251.CrossrefPubMedPubMedCentral

34.
Hanley JA, McNeil BJ. The meaning and use of the area under a receiver operating characteristic (ROC) curve. Radiology. 1982;143:29–36. https://​doi.​org/​10.​1148/​radiology.​143.​1.​7063747.CrossrefPubMed

35.
Youden WJ. Index for rating diagnostic tests. Cancer. 1950;3:32–5. https://​doi.​org/​10.​1002/​1097-0142(1950)3:​1<32:​:​AID-CNCR2820030106>3​.​0.​CO;2-3.CrossrefPubMed

36.
Shan G. Improved confidence intervals for the Youden index. PLoS One. 2015;10:e0127272. https://​doi.​org/​10.​1371/​journal.​pone.​0127272.CrossrefPubMedPubMedCentral

37.
Zhu W, Zeng N, Wang N. Sensitivity, specificity, accuracy, associated confidence interval and ROC analysis with practical SAS® implementations. NorthEast SAS users group, health care and life sciences. 2010.

38.
Dong Y, Peng C-YJ. Principled missing data methods for researchers. Springerplus. 2013;2:222. https://​doi.​org/​10.​1186/​2193-1801-2-222.CrossrefPubMedPubMedCentral

39.
Tabachnick BG, Fidell LS. Using multivariate statistics. 6th ed. Boston: Pearson Education; 2013.

40.
Robert Koch Institute (RKI). Prevalence, Number of cases in Germany, Selected Filters: Age groups 0–44, All cancer sites (C00-C97 without C44), Sex, Intervall-Length 5 years, Year 2013. 2017. www.​krebsdaten.​de/​database. Accessed 16 May 2017.

41.
Abate KH. Gender disparity in prevalence of depression among patient population: a systematic review. Ethiop J Health Sci. 2013; https://​doi.​org/​10.​4314/​ejhs.​v23i3.​11.

42.
Aaronson NK, Ahmedzai S, Bergman B, Bullinger M, Cull A, Duez NJ, et al. The European Organization for Research and Treatment of Cancer QLQ-C30: a quality-of-life instrument for use in international clinical trials in oncology. J Natl Cancer Inst. 1993;1993:365–76.Crossref

43.
Schumacher J, Klaiberg A, Brähler E. Diagnostische Verfahren zu Lebensqualität und Wohlbefinden. Göttingen: Hogrefe; 2003.

44.
Herrmann-Lingen C, Buss U, Snaith RP. HADS-D. Hospital anxiety and depression scale. Deutsche version: deutsche adaption der Hospital anxiety and depression scale (HADS) von R.P. Snaith und a.S. Zigmond. 3rd ed. Bern: Hans Huber; 2011.

45.
Herrmann C. International experiences with the hospital anxiety and depression scale-a review of validation data and clinical results. J Psychosom Res. 1997;42:17–41. https://​doi.​org/​10.​1016/​S0022-3999(96)00216-4.CrossrefPubMed

46.
McElduff P, Boyes A, Zucca A, Girgis A. The supportive care needs survey: a guide to administration, scoring and analysis. Newcastle: Centre for Health Research & Psycho-Oncology; 2004.

47.
Boyes A, Girgis A, Lecathelinais C. Brief assessment of adult cancer patients' perceived needs: development and validation of the 34-item supportive care needs survey (SCNS-SF34). J Eval Clin Pract. 2009;15:602–6. https://​doi.​org/​10.​1111/​j.​1365-2753.​2008.​01057.​x.CrossrefPubMed

48.
Lehmann C, Koch U, Mehnert A. Psychometric properties of the German version of the short-form supportive care needs survey questionnaire (SCNS-SF34-G). Support Care Cancer. 2012;20:2415–24. https://​doi.​org/​10.​1007/​s00520-011-1351-1.CrossrefPubMed

49.
Salkind NJ. Encyclopedia of measurement and statistics. Thousand Oaks: Sage; 2007.Crossref




OEBPS/sidebar.gif





OEBPS/cc-by.png
() _®





OEBPS/A12955_2018_949_Article_Equb.gif
test = sum(fal,..., fal0)- 10






OEBPS/contact.gif





OEBPS/A12955_2018_949_Article_Equa.gif
AVEpy > il py and AVEpy > iy, o)





OEBPS/A12955_2018_949_Fig1_HTML.png
2ls] 2] élel 23] 2lQ Rlo] &l &|s Blal &
b = he = = u— u— u— w
3 <
0 < o f o
© L o| o/ ~ 2\ 5| 8 ] .

666

fall —

102
D »/
698
fa12 A

101

333

fa10





